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We examine the effect of the Covid pandemic on willingness to work along both the extensive and intensive 

margins of labor supply. Special survey questions in the Job Search Supplement of the Survey of Consumer Ex- 

pectations (SCE) allow us to elicit information about individuals’ desired work hours for the 2013–2021 period. 

Using these questions, along with workers’ actual labor market participation, we construct a labor market un- 

derutilization measure, the Aggregate Hours Gap (AHG), following Faberman et al. (2020). The AHG captures 

changes in labor market underutilization for the full population along both the extensive and intensive margins 

using data on desired work hours as a measure of their potential labor supply. We find that a sharp increase in the 

AHG during the Covid pandemic essentially disappeared by the end of 2021. We also document a sharp decline in 

desired work hours during the pandemic that persists through the end of 2021 and is roughly double the drop in 

the labor force participation rate. Ignoring the decline in desired hours overstates the degree of underutilization 

by 2.5 percentage points (12.5%). Our findings suggest that, through 2021Q4, the labor market was tighter than 

suggested by the unemployment rate and the adverse labor supply effect of the pandemic was more pronounced 

than implied by the labor force participation rate. These discrepancies underscore the importance of taking into 

account the intensive margin for both labor market underutilization and potential labor supply. 
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. Introduction 

The Covid pandemic has had a devastating effect on labor markets

n the U.S. and throughout the world. Payroll employment in the U.S.

ell by as much as 16 percent and remained over 2 percent below its

ebruary 2020 level at the end of 2021. The unemployment rate more

han quadrupled, rising from 3.5 percent in February 2020 to a peak

f 14.7 percent, and was at 3.9 percent at the end of 2021. Several

tudies, as well as the Bureau of Labor Statistics (BLS, who publish the

nemployment rate), have pointed out that even this large spike in the

nemployment rate likely understates the degree of labor market slack

resent during this period. 4 Moreover, despite a rapid decline in the

nemployment rate and relatively strong employment growth since the

nitial aggregate shock, the labor force participation rate remains per-
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elease.htm . 
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istently low. Economists and the popular press have suggested a broad

ange of potential causes. These include lagging cyclical adjustment of

abor force participation, added child care burdens among women, gen-

rous unemployment benefits and other fiscal stimulus programs, fear

f returning to work while the virus persists, and structural changes in

ow individuals view work. 

The key to our analysis is the Job Search Supplement of the Sur-

ey of Consumer Expectations (SCE). We designed this survey in 2013

nd have administered it through the Federal Reserve Bank of New

ork annually each October since then (see Faberman et al. (2022) , for

etails). The supplement asks a wide range of questions on an individ-

al’s employment situation, work preferences, and job search behavior.

e focus on questions in the supplement that ask respondents about

he number of hours they desire to work and their reservation wage.
effects-of-covid-19-pandemic-and-response-on-the-employment-situation-news- 

24 September 2022 
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5 A sampling of these studies include Bartik et al. (2020) , Cajner et al. (2020) ; 

Ganong et al. (2020) , Goolsbee and Syverson (2020), and Ş ahin et al. (2021) . 
hese measures allow us to identify changes in willingness to work over

ime. Furthermore, the 2020 and 2021 SCE Job Search Supplements in-

lude new questions on how the pandemic has affected individual job

earch and labor market participation decisions. Thus, using the SCE

or our analysis provides two major advantages. First, unlike traditional

urveys, it explicitly asks respondents about their potential labor sup-

ly and reservation wages; and second, unlike newer surveys developed

uring the pandemic, it provides a benchmark period that allows a com-

arison with the pre-pandemic labor market. 

Desired labor supply combined with actual hours worked also pro-

ides an intuitive measure of labor market underutilization. We refer

o this broader underutilization measure as the Aggregate Hours Gap

AHG) following Faberman et al. ( 2020 , henceforth FMST). The AHG

easures underutilization through the difference between individuals’

esired work hours and actual hours worked , regardless of labor force sta-

us. FMST (2020) show that the SCE measure of desired hours is strongly

elated to job search effort and is a good indicator of potential labor sup-

ly . They also show that the AHG captures aspects of labor market slack

issed by traditional measures, like the unemployment rate, and gener-

lly has a stronger relationship with nominal wage growth. Given that it

ncapsulates a broad concept of labor market underutilization, the AHG

s well-suited to deal with the unique labor market circumstances of the

ovid pandemic. This includes the misclassification of those on furlough

r temporary layoff and any reduction in labor supply and work hours

or reasons specific to the Covid pandemic and its related lockdown or-

ers. 

In this paper, we use the SCE data along with the AHG measure

o evaluate and corroborate the impact of the pandemic on labor mar-

et underutilization and aggregate labor supply. We find a diverging

attern between the AHG and the unemployment rate. The AHG sug-

ests that the labor market is tighter than what the unemployment rate

uggests during the Covid pandemic, with the AHG already below its

ebruary 2020 level by the end of 2021. We find that this is driven pri-

arily by individuals out of the labor force (and partly by part-time

orkers). During the pandemic, these individuals report lower desired

ork hours, and consequently a lower willingness to participate in the

abor market even marginally. Quantitatively, we find that the decline

n desired work hours across all individuals is 4.6 percent, compared

o a decline in the labor force participation rate of 2.3 percent, over

his period. The decline occurs with a sharp drop at the onset of the

andemic that remains persistently low thereafter. Further analysis of

he decline in the AHG and desired hours shows that a higher share of

he employed are essentially on their labor supply curve (in the sense

hat their actual hours equal their desired hours) and a higher share of

hose out of the labor force that are unwilling to work at all drive the

bserved aggregate patterns. Following the Great Recession, the pattern

as different. The AHG showed a more sluggish labor market recovery,

nd therefore a higher degree of labor market underutilization, driven

rimarily by individuals out of the labor force who were willing to work

 small amount of hours but were slow to find work. We refer to these

riving force as the intensive margin of labor force participation . 

To quantify the role of the reduction in labor supply on labor mar-

et underutilization, we perform a counterfactual exercise that holds

esired work hours constant at their pre-pandemic average within de-

ailed labor force and demographic groups and recalculates the AHG

nd associated potential work hours from March 2020 forward. The ex-

rcise suggests that the decline in desired work hours reduced the AHG

y 2.5 percentage points (12.5 percent) relative to its estimated value at

he end of 2021. It also suggests that essentially all of the discrepancy

etween the fall in potential work hours and the labor force participa-

ion rate is accounted for by the decline in desired hours during the

andemic (as opposed to changes in composition). Again, changes in

he desired hours of those out of the labor force and part-time workers

ccount for most of the differences identified in the counterfactual exer-

ise. Notably, we find only mild differences by gender in their declines

n desired hours —i.e., the result is not driven by a contraction in labor
2 
upply among women, which resonates with the findings of Hobijn and

 ahin (2021) . Instead, we find the drop in desired hours is pervasive

cross most demographic groups, with those with less than a college

egree having a notably larger contribution. 

Finally, we examine a range of suggestive evidence on the extent

hat the Covid pandemic had a direct role on the observed reduction

n labor supply. First, we group individuals based on the degree of so-

ial contact required of their current or most recent job, with a higher

egree of social contact implying a higher potential exposure to Covid.

e find that individuals in jobs with at least a moderate degree of so-

ial contact had sizable reductions in their desired work hours during

he pandemic, while those in jobs with a low degree of social contact

ctually increased their desired work hours. Second, we find that real

eservation wages increased during the pandemic for nearly all labor

orce and demographic groups, consistent with a decline in willingness

o work. Real reservation wages increased 6 log points (6.2 percent),

n average, across all individuals. The increase is robust to controls for

bservable characteristics. Third, using the responses to special Covid-

pecific questions in the CPS and SCE, we find that the pandemic caused

 sizeable reduction in job search behavior for most of 2020, but that

ts effect on job search had mostly subsided by the end of 2021. In fact,

e find that job search effort (in terms of job applications sent and the

ncidence of on-the-job search) rebounded strongly in 2021. 

Our study follows an expansive set of empirical studies on the ef-

ects of the Covid pandemic on the labor market. Many of these studies

ocus on the initial shock to the labor market at the onset of the pan-

emic, while others evaluate the effects of government policies, such as

he expansion of unemployment insurance, on labor supply and employ-

ent. 5 Most relevant to our research are several studies that find labor

arket tightness was greater than what standard measures implied be-

ause of a reduction in job search effort in the early portion of the pan-

emic. These include studies by Forsythe et al. (2020) , Marinescu, Skan-

alis, and Zhao (2020), Brinca, Duarte, and Faria-e-Castro (2021), and

ensvik, Le Barbanchon, and Rathelot (2021). These studies identify a

eduction in job search effort, either directly or indirectly, as a contribu-

or to labor market tightness across multiple countries. Our findings are

onsistent with recent work, such as Domash and Summers (2022) and

rump et al. (2022) , that argue that the U.S. labor market at the end of

021 is tighter than in 2019 using alternative measures of labor mar-

et tightness. Our study is also related to research on a declining trend

n the willingness to work that predates the pandemic ( Barnichon and

igura, 2016 ). Finally, our study dovetails with academic research (e.g.,

ick and Blandin, 2020) and government initiatives, such as the U.S.

ousehold Pulse Survey, that developed special surveys and survey in-

truments to study the Covid pandemic. 

The next section describes the conceptual underpinnings of the AHG.

ection 3 describes our data and methodology for estimating the AHG

nd its components. Section 4 presents the aggregate time-series behav-

or of the AHG and its components. Section 5 quantifies the role of labor

upply for the reduction in the AHG and provides supporting evidence

n the role of the Covid pandemic for labor supply and job search. Sec-

ion 6 concludes. 

. The Aaggregate Hhours Ggap as a measure of underutilization 

Labor market underutilization is broadly defined as the ratio of the

ap between actual and potential labor and potential labor supply: 

𝐺𝑎𝑝 𝑡 

𝐿𝑎𝑏𝑜𝑟𝑆𝑢𝑝𝑝𝑙𝑦 𝑡 
. 

For example, consider the official (U3) measure of the U.S. unem-

loyment rate, produced by the Bureau of Labor Statistics (BLS). It is
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d  
qual to the number of unemployed individuals divided by the total

umber of individuals in the labor force (employed plus unemployed).

he gap is the number of people who want a job and have actively looked

and are available) for one, or are on temporary layoff. 6 Total labor sup-

ly is measured as the number of people who either have a job or want

 job. 7 Both measures implicitly give all of these individuals a weight of

ne when calculating their contribution to labor market underutilization

nd ignore the variation along the intensive margin of hours. 

Given the importance of hours as a measure of total labor input in

roduction, one can define a broader measure, the Aggregate Hours Gap

AHG). FMST (2020) define the measure as: 

𝐻𝐺 𝑡 = 

∑
( 𝐿 𝑖𝑡 − ℎ 𝑖𝑡 ) ∑

𝐿 𝑖𝑡 

. (1) 

Its denominator is a measure of potential labor supply that aggregates

he total amount of desired work hours at time 𝑡 across all individuals 𝑖 ,

𝐿 𝑖𝑡 , regardless of their labor force status. Its numerator is the desired

ours gap , 
∑
( 𝐿 𝑖𝑡 − ℎ 𝑖𝑡 ) , which captures the difference between desired

ork hours and actual work hours, ℎ 𝑖𝑡 , and sums this difference across

ll individuals, regardless of their labor force status. Individuals who

re nonemployed but wish to work add to labor market underutiliza-

ion based on the amount of hours they prefer to supply. Those who

re employed but prefer more work hours add to underutilization based

n the difference between their current and preferred hours. 8 Conse-

uently, the AHG depends critically on the measures of desired hours

nd work hours used in its estimation. FMST (2020) show that a self-

eported measure of desired work hours is a viable measure of labor

upply. There is a strong positive relationship between an individual’s

esired work hours and their realized job search effort, and there are in-

uitive relationships between individuals’ demographic characteristics,

heir labor market transitions, and their desired hours. Thus, the AHG

as a clear interpretation as a measure of labor market underutilization,

nd the empirical evidence suggests that a direct measure of desired

ours is a valid measure of labor supply. Individual work hours are the

bvious measure for ℎ 𝑖𝑡 , but as we discuss below, the use of usual ver-

us actual hours worked, and how we address measurement concerns in

ork hours, are critical for generating consistent estimates of the AHG

uring the Covid pandemic. In normal times, the use of usual hours

mooths out idiosyncratic hours changes due to illness, vacations, la-

or stoppages, and the like. During the pandemic, reported actual hours

orked, despite including such changes for idiosyncratic reasons, also

nclude changes for reasons specific to the pandemic and therefore cap-

ure important measurement issues and labor market behavior that we

ant our AHG estimates to address. 

. Data and measurement 

.1. Data sources 

We build on FMST (2020) to generate our estimates of the AHG,

ith several notable deviations. We rely on two data sources for our

nalysis. The first is the Current Population Survey (CPS). The CPS is

he survey used to calculate the official U.S. unemployment rate and

elated labor force statistics. We use the monthly data from January
6 Temporary layoffs fit this notion of a gap because individuals would work their usual 

ours if they were not on layoff. This is a particularly important distinction during the 

ovid pandemic. 
7 This notion of underutilization also holds for the BLS ǣU6 ǥ measure of underuti- 

ization. For the U6 measure, the gap includes all unemployed plus all those who are 

marginally attached ǥ to the labor force but not actually a part of it and those who report 

hat they are part-time rather than full-time for economic reasons. 
8 It is worth noting that FMST (2020) show that individuals who work more than their 

esired work hours also exert substantial job search effort, suggesting that their (negative) 

esired hours gaps are likely also a form of labor underutilization. In Online Appendix, we 

how that the inclusion of the absolute value of these gaps does not affect the qualitative 

atterns of the AHG. Their main effect is to modestly reduce its cyclicality. 

t  

s  

“  

n  

d

1

t

d

3 
994 through December 2021, though we focus much of our analysis

n the most recent years for obvious reasons. 9 We estimate the share

f the total population within detailed labor force states and measure

esired hours gaps within each labor force state using the monthly CPS

ata. 

Our second data source is the Job Search Supplement to the Survey of

onsumer Expectations (SCE) administered by the Federal Reserve Bank

f New York. FMST (2022) developed this supplement in earlier work

nd the supplement has been administered annually each October since

013. The supplement asks a broad range of questions on one’s current

mployment state, job search activity, employment history, and work

references (e.g., reservation wage, desired work hours). These include

any questions that are comparable to those in the CPS, allowing us to

irectly measure variables related to labor force status, hours worked,

nd other characteristics important for our analysis identically across

oth data sets. Our SCE sample spans 2013 through 2021. We focus on

eported differences in desired work hours between the 2013-19 period

nd the 2020-21 period. Throughout our analysis, it is important to re-

ember that the SCE data are for October of each year. The 2020 survey

licits responses about six months after the initial spike in Covid cases

nd lockdown period, while the 2021 survey elicits responses between

he major waves of the delta and omicron Covid variants and during a

eriod of relatively strong labor market growth. 

The 2020 and 2021 SCE Job Search Supplements have additional sur-

ey questions that focus on issues specific to the Covid pandemic. These

nclude follow-ups to its questions on reasons for not looking for work

nd reasons for part-time search that elicit whether the Covid pandemic

ccounted for these reasons and in what way (e.g., child care issues,

ear of contracting the virus, caring for someone who was sick, etc.).

he new questions also ask about schooling, online learning, and other

spects of the household that may affect the respondent’s labor supply

ecision. We relate this evidence to the behavior of the AHG at the end

f our analysis. 10 

We focus on a sample of individuals aged 18 to 79 with nonmissing

ata on labor force status and broad demographics (age, gender, race,

ducation, marital status) since these are the individuals we can observe

n both the SCE and CPS. The CPS is a fairly large sample of about 60,000

ouseholds per month. The SCE, however, is much smaller. The Job

earch Supplement averages just under 1200 respondents per year. 11 

e use a sample that pools individuals across all survey years to gener-

te most estimates of the labor market measures described below, but in

ur estimation of the AHG, we split out our desired hours estimates be-

ween the 2013-19 and 2020-21 periods. This requires us to make some

dditional adjustments to deal with small sample cell issues. 

.2. Estimating desired hours 

Our desired work hours measure comes from the SCE Job Search

upplement. Specifically, the survey question asks, 

“Assuming you could find suitable/additional work, how many hours PER

WEEK would you prefer to work on this new job ”

The question follows the survey’s question that elicits the respon-

ent’s reservation wage, so the desired hours reported are in relation

o this wage. The survey only asks this question to individuals who re-

ponded that they actively looked for work or stated that they would or

might ” take a job if offered to them. For those who consequently do

ot have a response, we assign them their total usual hours worked if
9 We only go back to 1994 because it is difficult to produce a consistent measure of our 

etailed labor force categories, particularly for those out of the labor force, prior to the 

994 CPS redesign. 
10 We list the specific survey questions from the SCE Job Search Supplement we use in 

his analysis in Online Appendix. 
11 Complicating our analysis is a relatively low response rate in 2020 due to the pan- 

emic, when the survey has only 965 respondents. 
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Table 1 

Desired work hours by labor force status and demographics . 

Difference, 

October of... 2013-17 2018-19 2020-21 ’20-21 - ’18-19 

A. All 

All individuals 32.67 32.64 31.64 -1.01 

(0.24) (0.39) (0.41) (0.57) 

B. By Labor Force Status 

Employed 41.54 41.69 41.10 -0.59 

(0.19) (0.31) (0.33) (0.47) 

Full-time 44.88 45.11 45.11 -0.00 

(0.16) (0.25) (0.26) (0.45) 

Part-time 28.68 27.10 23.97 -3.13 

(0.49) (0.82) (0.72) (0.93) 

Unemployed 35.62 36.07 35.80 -0.27 

(0.70) (1.54) (1.01) (2.30) 

Out of the labor force 13.06 12.01 11.06 -0.94 

(0.33) (0.51) (0.55) (0.69) 

C. By Gender, Age and Education 

Men 34.42 34.16 33.42 -0.74 

(0.34) (0.56) (0.58) (0.79) 

Women 30.98 30.94 29.94 -1.00 

(0.33) (0.54) (0.59) (0.81) 

Prime age (25–54) 39.70 40.98 40.06 -0.91 

(0.26) (0.39) (0.40) (0.67) 

Older (55 + ) 23.44 22.22 21.46 -0.76 

(0.37) (0.59) (0.65) (0.74) 

Some college or less 30.87 31.00 29.36 -1.63 

(0.35) (0.60) (0.67) (0.70) 

College degree or more 36.47 35.75 35.53 -0.22 

(0.31) (0.49) (0.49) (0.94) 

Notes : Table reports mean desired work hours for each labor force state or 

demographic group. Estimates are for respondents in each category pooled 

across SCE surveys within each listed time period, and desired hours are 

adjusted to impose a zero-minimum desired hours gap among the employed. 

The last column reports the difference between the 2018-19 mean and the 

2020-21 mean for each category. Standard errors are in parentheses. 
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hey are employed and zero desired hours if they are out of the labor

orce. We do this on the assumption that, for each group, their current

ours equal their desired hours since their behavior reflects zero de-

ire to change their current work situation. These adjustments generally

mpute a zero desired hours gap to these individuals. 12 

We match our SCE estimates of desired work hours to individuals in

he CPS using their demographics and detailed labor force status. We

ivide individuals into one of nine labor force states. Four of these rep-

esent the employed, which we distinguish by whether they are part-

ime or full-time, and within each of these categories, whether or not

hey are a multiple jobholder. We identify the unemployed based on

he standard CPS definition (those who want work and have actively

earched and are available for work, plus those on temporary layoff),

nd distinguish them by whether they are short-duration job seekers

looking for 6 months or less) or long-duration job seekers (looking for

ore than 6 months). Finally, we distinguish those out of the labor force

y whether they state wanting work (but otherwise fail to meet the cri-

eria for unemployment), are retired, or are out of the labor force for

ome other reason (disabled, attending school, or otherwise not wanting

ork). 

Within each labor force state, we categorize individuals based on

heir gender, age, and education, splitting them into one of three age

roups (18 to 24, 25 to 54, and 55 or older) and two education groups

less than a college degree, and a college degree or more). This approach

otentially creates up to 108 cells of desired hours estimates, but many

f these cells are too small in the SCE data. We therefore follow the ap-

roach of FMST (2020) where we aggregate these into an unbalanced

anel of 39 labor force status × demographics cells based on their cell

ize and similarity of reported desired hours. All labor force states are at

east disaggregated by gender, and larger categories are disaggregated

urther by age group and education as the data allow. The most disag-

regated category is the full-time employed with a single job (10 out

f 12 demographic categories), and the least disaggregated categories

re the part-time employed with multiple jobs, the short-term and long-

erm unemployed, and those who are out of the labor force but want

ork (each only disaggregated by gender). 

We estimate these cells separately for the 2013-19 and 2020-21 pe-

iods. This creates within-cell estimates of desired work hours that vary

efore and during the pandemic, but are otherwise time-invariant. Ag-

regate estimates of desired work hours will additionally vary each

onth due to changes in the population shares across labor force states

nd demographic groups. 13 We report the desired hours estimates for

ach specific cell and period in Appendix Table A.1 . 

We must also deal with the issue that the 2020 and 2021 surveys,

hile pooled together, have relatively small sample cells for several of

he labor force status × demographics categories. We deal with this by

enerating predicted estimates of desired hours for each individual in

he SCE using a regression of their reported desired hours on fixed effects

or their demographics, nine-state labor force status, and interactions of

heir demographics and labor force status with each other and a dummy

ariable for the 2020-21 period. We then calculate the mean desired

ours for each of our 39 labor force status × demographics categories

eparately for the 2013-19 and the 2020-21 periods by calculating the

sample-weighted) mean of the predicted values from this regression.

his approach reduces the effects of outliers and sampling error on the

CE estimates that we match to the CPS data. We explain the regression

n more detail in Appendix A. 
12 The exceptions are individuals whose actual hours deviate from their usual hours, 

hich we deal with separately. 
13 FMST (2020) provide a more thorough examination of the demographic disaggrega- 

ion of these categories, and explore the potential effects on the AHG of using time-varying 

stimates of desired hours that they derive from the relation of desired hours to aggregate 

abor market conditions. They find time-varying estimates of desired hours amplify the 

yclicality of the AHG but otherwise preserve its qualitative time-series behavior. 

f  

a  

t  

i  

m  

o

A

4 
.3. Estimating hours gaps 

We define the desired hours gap as the difference between desired

ork hours and actual work hours. We estimate this gap after match-

ng our predicted estimates of desired hours, 𝐿̃ 𝑑 𝑗 𝑡 , to individuals in the

PS by year, detailed labor force status, and demographics (gender, age,

nd education) for all individuals in our CPS sample (i.e., all age 18 to

9 between January 1994 and December 2021). The desired hours gap

s then the difference between this estimate and the CPS respondent’s

ctual work hours, ℎ 𝑖𝑗𝑡 , which we sum across all jobs reported by indi-

idual 𝑖 . 

We adjust the desired hours at the individual level to impose the

onstraint of a zero minimum hours gap. FMST (2020) show that indi-

iduals with negative hours gaps tend to exert significant search effort,

uggesting that, if anything, these individuals should not reduce aggre-

ate labor market slack. 14 Specifically, adjusted desired hours are 

• 𝐿 𝑑 ( 𝑖 ) 𝑗 𝑡 = 𝐿̃ 𝑑 𝑗 𝑡 for all nonemployed, and 
• 𝐿 𝑑 ( 𝑖 ) 𝑗 𝑡 = max { ̃𝐿 𝑑 𝑗 𝑡 , ℎ 𝑖𝑗𝑡 } for all employed. 

The resulting desired hours gap for each individual in the CPS in

onth 𝑡 is 𝐿 𝑑 ( 𝑖 ) 𝑗 𝑡 − ℎ 𝑖𝑗𝑡 . Note that our use of actual hours worked deviates

rom the approach of FMST (2020), who use usual hours worked. The

ctual hours measure captures many transitory changes that are unique

o the pandemic and not captured by usual hours. As others, includ-

ng the BLS, have pointed out, there was also considerable labor force

isclassification during the pandemic. Many furloughed individuals re-
14 We show that the inclusion of the absolute value of these hours gaps has little effect 

n our estimates, other than a modest reduction in the cyclicality of the AHG, in Online 

ppendix B. 
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16 We perform several robustness exercises to ensure the patterns observed in Figs. 1 and 

2 are not an artifact of sampling error, our estimation approach, or any other spurious 

effect. First, note that the small spikes in the AHG in Fig. 1 are mainly artifacts of idiosyn- 

cratic events (such as labor strikes, weather events, and other occurrences not accounted 

for in our hours adjustment) that cause individuals to be employed but on leave. They 

therefore do not reflect cyclical changes in labor supply or demand. Second, we generated 

estimates of standard errors for the series depicted in both figures, using the cross-sectional 

variation in desired hours and micro-level AHG estimates in the CPS micro data, and cal- 

culate 95 percent confidence intervals based on these estimates. These intervals are about 

0.35 percentage points for the AHG and about 0.1 hours for mean potential work hours. 

Both are much smaller than the changes observed during the pandemic period. The con- 

fidence intervals on the AHG are also comparable to the confidence intervals for the BLS 

published unemployment rate (which is also calculated from the CPS). Note, however, 

that these confidence intervals represent a lower bound because they do not take into 

account the sampling variation in predicted desired hours estimated in the SCE. Third, in 

Online Appendix, we estimate the raw and predicted desired hours separately for 2020 

and 2021 (prior to any adjustments). We also reestimate the AHG and potential work 

hours using separate predicted desired hours estimates for 2020 and 2021. The results are 

similar to what we report in the main text, primarily because desired hours remain low for 
orted themselves as employed and on leave rather than on temporary

ayoff (and therefore unemployed). 

By using actual work hours in the AHG estimation, we are able to ad-

ress the misclassification issues that plagued the CPS during the Covid

andemic. Unfortunately, we may also incorrectly attribute hours re-

uctions due to vacations, illness, or other types of leave to labor mar-

et slack. We deal with this by further adjusting the desired hours gap

stimate for any individual who reports being employed but on leave

regardless of whether the leave was paid or unpaid). We detail our ad-

ustments in 1 . Briefly, if the leave represents something idiosyncratic

o both the worker and the firm, we keep their desired hours equal

o 𝐿 𝑑 ( 𝑖 ) 𝑗 𝑡 , but use their usual hours worked as their measure of ℎ 𝑖𝑗𝑡 . If

he leave represents a potentially involuntary reduction in labor sup-

ly (e.g., child care issues or illness), we set their desired hours to their

eported actual hours, which equals zero in the absence of work at an

dditional job. This implicitly sets the hours gap to zero as well. These

djustments affect about 3.5 percent of employment, and have a mod-

st effect on the hours gap of the employed, though the adjustment is

articularly important during the Covid pandemic since there is a large

pike in individuals who report themselves on leave during this period.

he BLS provides evidence that those on furlough who misreport them-

elves as employed identify themselves as on leave for “other reasons, ”

hich is a category that we specifically do not adjust for this reason. 15 

.4. Deriving the Aaggregate Hhours Ggap 

We use our micro-level estimates of desired work hours and the re-

ulting hours gaps to derive our monthly estimates of the Aggregate

ours Gap (AHG). Recall from Section 2 that one can define a typical

easure of labor market underutilization as the ratio of some gap to a

easure of potential labor supply. The AHG uses population share esti-

ates for each of the nine detailed labor force states described above and

eights them using a measure of the average desired hours gap within

ach category. 

Define the share of the population in labor force state 𝑗 in month t

s 𝜔 𝑗𝑡 , with 
∑

𝑗 𝜔 𝑗𝑡 = 1 . The gap is the sum of these population shares in

ach state 𝑗 weighted by its average desired hours gap, 𝐿 𝑗𝑡 − ℎ 𝑗𝑡 . Sim-

larly, our measure of potential (desired) work hours is the sum of these

opulation shares weighted by their desired hours alone, 𝐿 𝑗𝑡 . We in-

erpret the potential hours measure as an estimate of potential labor

upply. 

We aggregate these gaps within each labor force state as 

 𝑗𝑡 − ℎ 𝑗𝑡 = 

∑

𝑖 ∈𝑗 

𝜔 𝑖𝑗𝑡 

𝜔 𝑗𝑡 

( 𝐿 𝑑 ( 𝑖 ) 𝑗 𝑡 − ℎ 𝑖𝑗𝑡 ) . 

hat is, the mean desired hours gap for labor force state 𝑗 in month 𝑡

s the population-weighted mean calculated across all individuals in 𝑗,

here 𝜔 𝑖𝑗𝑡 is the share of the population made up by individual 𝑖 (i.e.,

he respondent’s sample weight) and 𝜔 𝑗𝑡 is the share of the population

n labor force state 𝑗 in month 𝑡 . We calculate both using the monthly

PS data. Note that the gap measure within labor force state 𝑗 will vary

ver time due to changes in the demographic composition of those in

tate 𝑗, and among the employed, changes in actual hours worked. It

ill also change due to changes in desired hours within each category

ver time, though in our implementation 𝐿 𝑑 ( 𝑖 ) 𝑗 𝑡 will only differ before

nd during the Covid pandemic. Similarly, potential hours is 

 𝑗𝑡 = 

∑

𝑖 ∈𝑗 

𝜔 𝑖𝑗𝑡 

𝜔 𝑗𝑡 

𝐿 𝑑 ( 𝑖 ) 𝑗 𝑡 . 

Potential hours within labor force state 𝑗 will also vary over time due

o changes in the demographic composition of those in state 𝑗 and due
15 The mismeasurement issue is also examined in detail by Faberman and Ra- 

an (2020) and Forsythe et al. (2020) . 

b

w

2

t

w

5 
o changes in desired work hours within each category before and dur-

ng the pandemic. Plugging the measures for the desired hours gap and

otential work hours into equation (1) implies that the AHG measure

s 

𝐻𝐺 𝑡 = 

∑
𝑗 𝜔 𝑗𝑡 ( 𝐿 𝑗𝑡 − ℎ 𝑗𝑡 ) ∑

𝑗 𝜔 𝑗𝑡 𝐿 𝑗𝑡 

. (2) 

The numerator of Eq. (2) , the gap , will vary over time due to the

emographic, work hours, and desired hours variation noted above, as

ell as variations in the population share of each labor force state 𝑗. The

enominator of Eq. (2) , potential work hours, will vary over time due to

he demographic and desired hours changes noted above, and changes

n the population share of each labor force state 𝑗. 

. Evidence on the Aaggregate Hhours Ggap and desired hours 

.1. The Aaggregate Hhours Ggap over the business cycle 

We start by presenting the aggregate time-series evidence for the Ag-

regate Hours Gap (AHG) and potential work hours (i.e., potential labor

upply). Fig. 1 presents the time-series of the AHG and compares it to

he cyclical behavior of the unemployment rate. The AHG and the unem-

loyment rate track each other closely through the Great Recession, but

iverge thereafter, with the AHG implying a persistently higher level of

nderutilization following the Great Recession. This divergence is no-

ably absent during the Covid pandemic, a point we return to shortly. 

Fig. 2 compares the cyclical behavior of potential (desired) work

ours and the labor force participation rate. Again, the two series track

ach other closely through the Great Recession. There is a brief diver-

ence following the Great Recession, with potential work hours falling

aster than the participation rate, but the two series converge by 2014.

he two series both exhibit large persistent drops during the Covid pan-

emic. Their declines are quite different quantitatively, however, with

otential work hours falling about twice as much as the participation

ate. By the end of 2021, the labor force participation rate is about 2.3

ercent (1.5 percentage points) lower than its February 2020 level while

otential work hours are about 4.6 percent lower than their February

020 level. The impact of the sharp decline in desired work hours will

e a recurring theme throughout our analysis. 16 

Fig. 3 examines the differential behavior of the AHG and the un-

mployment rate in more detail. Panel A normalizes each measure to

ts 2007 average and plots its behavior during and after the Great Re-

ession. They key feature is the persistently higher level of labor mar-

et underutilization implied by the AHG relative to the unemployment
oth years. In unreported results, we also compare the changes in the AHG and potential 

ork hours to several placebo series where we use two randomly drawn years from the 

013-19 period to generate the predicted desired hours for the 2020-21 period. None of 

he placebo estimates show the tightness of the AHG nor the dramatic decline in potential 

ork hours that we observe in our main estimates in Figs. 1 and 2 . 
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Fig. 1. The Aggregate Hours Gap vs. the Unemployment Rate. Notes : The Aggregate Hours Gap (AHG) estimates come from authors’ calculations using CPS and SCE 

data for all individuals age 18 to 79 using the methodology described in the text. The unemployment rate uses published CPS data. . 

Fig. 2. Potential Work Hours vs. the Labor Force Participation Rate. Notes : Potential work hours estimates are from authors’ calculations CPS and SCE data for all 

individuals age 18 to 79 using the methodology described in the text. The labor force participation rate uses published CPS data . 

r  

p  

i

 

a  

d  

s  

l  

w  

k  

d

 

f  

e  

c  

s  

w  

p  

F  

l  

o  

r  
ate. By the end of 2015, the unemployment rate is nearly back to its

re-recession level, while the AHG is still 2.1 percentage points above

ts pre-recession level. 

Panel B of Fig. 3 normalizes the two measures to their 2019 averages

nd shows that this pattern is practically reversed during the Covid pan-

emic. Both measures spike sharply at the onset of the pandemic and fall

harply thereafter. By the end of 2021, however, the AHG is slightly be-

ow its pre-recession level while the unemployment rate remains some-

hat above its pre-recession level. As we show in the next section, the

ey driver of the divergent behavior in both cases is the movement in

esired work hours over time. 
6 
Fig. 4 shows the changes in the AHG over time by its detailed labor

orce components, with employment components in the first panel, un-

mployment components in the second panel, and out of the labor force

omponents in the last panel. Each component is equal to its population

hare multiplied by its gap contribution, all divided by mean potential

ork hours across all individuals. This ensures that the sum of the com-

onents across all labor force states equals the AHG estimate depicted in

ig. 1 . Panel A of Fig. 4 shows that multiple jobholders contribute a neg-

igible amount to movements in the AHG. Those with a single full-time

r part-time job exhibit a notable hours gap throughout the sample pe-

iod, though their cyclical movements during the Great Recession were
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Fig. 3. The Aggregate Hours Gap vs. the Unemployment Rate, Selected Periods. Notes : The Aggregate Hours Gap (AHG) estimates come from authors’ calculations 

using CPS and SCE data for all individuals age 18 to 79. The unemployment rate uses CPS data. The top panel reports each series’ percentage point deviation from 

its 2007 average, while the bottom panel reports each series’ percentage point deviation from its 2019 average . 
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18 Several studies, such as Atkinson et al. (2021) , and Nie and Yang (2021) highlight a 

strong potential role for retirements in explaining the persistently low labor force partici- 

pation rates. While we find a strong role for those out of the labor force in explaining the 

low rates, we find that the main drivers are those out of the labor force for other reasons, 

particularly when one accounts for changes in desired hours among individuals. 
elatively modest. In contrast, the full-time employed exhibit large and

neven spikes in their hours gaps during the Covid pandemic. These

pikes primarily reflect workers who are furloughed or have had their

ours otherwise cut due to business closures and cutbacks from mul-

iple waves of Covid cases. 17 These individuals remain employed (as

efined in the CPS survey) and prefer to work at their usual hours, but

ave their actual hours cut, leading to an increase in their hours gaps.

art-time workers exhibit a notable decline in their hours gap during the

andemic. The decline persists through the end of 2021 and contrasts

ith the slight rise in the hours gap for part-time workers during the

reat Recession. We show in the next section that a fall in desired work

ours (rather than a rise in hours worked) among part-time workers is

 key driver of the decline. 

Panel B of Fig. 4 shows the hours gaps of the short-term unemployed

those unemployed 6 months or less) and long-term unemployed (those

nemployed more than 6 months). The two series closely parallel the be-

avior of the short-term and long-term unemployment rates in the CPS.

his is because both groups report desiring close to full-time work hours,

nd this preference changes little during the pandemic. Consequently,

he unemployment components of the AHG contribute significantly to

ts cyclical movements over time, but explain almost none of the AHG’s

ivergence with the (overall) unemployment rate. 

Finally, Panel C of Fig. 4 reports the hours gaps of our three out of

he labor force categories: those who want work, the retired, and all

thers. Three facts stand out. First, those who are out of the labor force

or other reasons exhibit a large and persistent drop in their hours gap

uring the pandemic. As we show in the next section, this reflects a

arge decline in their desired work hours. Second, those who are out of

he labor force but report wanting work exhibit a large and persistent

pike in their hours gap during the pandemic. This is driven primarily

y movements in the share of individuals who are out of the labor force

ut want work during this period, and less so by changes in their de-

ired hours. The contribution of this group to the AHG rose during the

reat Recession as well, but not nearly to the sharp and large degree

hat it does during the pandemic. Lastly, the contribution of the retired
17 Goolsbee and Syverson (2021) were among the first to show that changes in economic 

ctivity followed changes in local Covid case rates more than changes in government 

hutdown order. 

s
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7 
ollows a steadily rising trend throughout the sample period. This trend

s practically undisturbed during the pandemic. 18 

.2. The behavior of desired hours 

We next show how desired hours in the SCE data have changed dur-

ng the pandemic for various subgroups on the data. Table 1 reports

he mean estimates of desired work hours for 2013-17, 2018-19, and

020-21, along with the difference in desired hours between 2018-19

nd 2020–2021, by detailed labor force state and selected demograph-

cs. 19 The table shows that, across all individuals, desired work hours

alls by one hour (3.1 percent) between the 2018-19 and 2020-21 peri-

ds. Prior to 2020, those who work full-time generally prefer full-time

ours and those working part-time generally prefer fewer hours. The un-

mployed, regardless of their duration, generally prefer full-time hours,

n average. Those out of the labor force that report “wanting work ”

but either did not actively search or were not available for work) pre-

er close to full-time hours (about 30 hours per week), but fewer hours

han the unemployed, on average. Those who are retired or out of the

abor force for other reasons prefer a small but nontrivial amount of

ork hours, generally between 8 and 16 hours of work (i.e., about 1–2

ull-time equivalent days). Table 1 also shows that desired hours fell, on

verage, during the Covid pandemic across nearly all labor force states

nd for all reported demographic groups. 20 Within labor force states,

he declines were largest among part-time workers (3.1 hours, or 11.5

ercent) and those out of the labor force who either want work (2.5

ours, or 8.4 percent), or were otherwise out of the labor force for rea-

ons besides retirement (3.3 hours, or 22.8 percent). The full-time em-

loyed and the unemployed exhibit almost no change in their desired
19 We impose that the desired hours of the employed do not imply a negative hours gap, 

o that the estimates are as comparable to the adjustments we make when estimating the 

HG as the SCE data allow. 
20 Note that we find that desired hours are similar for both 2020 and 2021 in Online 

ppendix, despite a strong rebound in the labor market during 2021. Consequently, our 

esults are little changed if we examine changes for these years separately, but statistical 

recision declines considerably because of our small sample sizes in the SCE. 
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Fig. 4. Components of the Aggregate Hours Gap Over Time. Notes : The Aggregate Hours Gap (AHG) estimates come from authors’ calculations using CPS and 

SCE data for all individuals age 18 to 79. The figure reports the individual AHG components by detailed labor force status. All components are reported as their 

contribution to the total AHG, as a percentage of mean potential work hours . 
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ork hours. Returning to the patterns we observe in Fig. 4 , these results

mply that movements in the AHG for full-time workers reflect changes

n the share of individuals working full-time as well as changes in their

ctual work hoursi.e., changes in their desired work hours have little ef-

ect on their behavior. Movements in the AHG for the unemployed only

eflect changes in the share of individuals who are unemployed because

heir desired hours are relatively constant as well. The results also shed

ight on why the AHG for part-time workers falls during the pandemic-

hose who remain part-time employed prefer fewer work hours during

he pandemic. The AHG for those who are out of the labor force but

want work ” spikes up and remains elevated throughout the pandemic.

his is because the increase in the population share for this group more

han offsets the fact that individuals in this group prefer fewer work

ours, which would otherwise give them a smaller hours gap. Finally,

hose who are out of the labor force for other reasons (besides retire-

ent), exhibit a sharp drop in their AHG contribution almost entirely

ecause of a major decline in their desired work hours. The results for

hose out of the labor force are consistent with the cyclical behavior of

articipation documented by Hobijn and Ş ahin (2021) . We complement

heir findings by highlighting the importance of intensive hours adjust-

ents that accompany extensive-margin participation movements. 

The results by demographics show that desired work hours fell

or each demographic category except the college educated. Men had

lightly smaller reductions in desired hours compared to women, likely

ecause of added child-rearing burdens falling disproportionately upon

omen during the Covid pandemic. 21 In special questions fielded in the

CE Job Search Supplement in 2020 and 2021, we find evidence con-

istent with added child care burdens for women during the pandemic.

pecifically, we find that in October 2020, about 83 percent of house-

olds report having their children’s schooling at least partly affected

y Covid, and that women report spending an average of 8.4 hours per

eek on their children’s schooling, compared to 5.7 hours reported by

en. In October 2021, 36 percent of households report schooling at

east partly affected by Covid, with women spending 3.0 hours and men

pending 2.6 hours per week on their children’s schooling. Among the

ther demographic groups, only those with less than a college degree

xhibit a notably larger decline in their desired hours than the other

roups. 

Fig. 5 reports the distributions of desired work hours by broad labor

orce status, as well as the implied hours gap for the employed (desired

ork hours and the hours gap are equivalent for the nonemployed, since

hey work zero hours). We report the distributions of the unadjusted de-

ired hours from the SCE. Consequently, the employed can have a nega-

ive hours gap if their desired work hours are less than their actual work

ours. Our method for deriving the AHG essentially sets these negative

aps to zero, as noted earlier. 

Fig. 5 also reports the distributions of desired hours and hours gaps

or the pre-pandemic SCE data (2013-19) and the pandemic-period data

2020-21). The distributions of hours gaps for the employed become

ore kurtotic during the pandemic. That is, there is a higher share of

ull-time and part-time workers who report working exactly the hours

hey prefer and lower shares of workers reporting either a positive or

egative hours gap. For full-time workers, this arises through a slightly

igher share of them preferring full-time work of 35 hours or more.

or part-time workers, this arises through a lower share of them pre-

erring full-time work despite working part-time. The unemployed have

ssentially no change in the distribution of their desired work hours

uring the pandemic. Those out of the labor force, however, are much

ore likely to prefer no work at all during the pandemic, and much

ess likely to prefer some part-time work. The fraction of those out of

he labor force who prefer zero work hours rises from 41 percent to 50

ercent during the pandemic. 
21 Alon et al. (2020) discuss the disproportionate impact the initial shock of the Covid 

andemic had on women’s employment and discuss its potential implications in the 

edium-run. 
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Thus, the Covid pandemic is characterized by a notably large con-

raction in labor supply. The contraction is concentrated among part-

ime workers and those out of the labor force who would normally pre-

er at least some part-time work. We characterize these changes as being

oncentrated along the intensive margins of labor force participation . These

re individuals who are normally only marginally attached to the labor

orce, in the sense that they work infrequently, and when they do, they

refer less than full-time work. During the pandemic, we find that many

f these individuals chose to remain out of the labor force and not work

t all. We find little variation across demographic groups, save for that

he decline in desired work hours appears concentrated among the less

ducated. 

. The covid pandemic and labor supply 

In the remainder of the paper, we quantify the effect of the decline in

abor supply on the AHG and provide supporting evidence for the spe-

ific role the Covid pandemic plays in the observed reduction in desired

ork hours. 

.1. Quantifying the role of lower labor supply 

We start with a counterfactual analysis that quantifies the effect of

he reduction in desired work hours on the AHG. When we construct our

HG measure, we allow for essentially a discrete change in (predicted)

esired work hours within our 39 labor force × demographic estimation

ells. Our counterfactual exercise simply holds these cell estimates con-

tant at their 2013-19 values and then recalculates the AHG from March

020 forward. Under this approach, the counterfactual AHG estimates

ver this period show what the level of labor market underutilization

ould be had there been no change in desired work hours. The differ-

nce between our baseline and counterfactual AHG estimates gives the

uantitative effect of labor supply changes during the pandemic, while

he difference between baseline and counterfactual potential work hours

ives the change in labor supply independent of compositional changes

n the labor market during the pandemic. 

Fig. 6 shows the results of our counterfactual exercise. The top panel

hows our baseline and counterfactual estimates of the AHG compared

o the unemployment rate, while the bottom panel shows our baseline

nd counterfactual estimates of potential hours compared to the labor

orce participation rate. The figure shows that ignoring the fall in de-

ired work hours during the pandemic implies a higher AHG estimate,

nd therefore a higher level of underutilization. By the end of 2021, the

evel of underutilization implied by the counterfactual AHG is also sub-

tantially higher than the unemployment rate. Quantitatively, the coun-

erfactual AHG implies a degree of labor market underutilization that

s 2.5 percentage points (12.5 percent) higher than the level implied by

he baseline AHG in December 2021. 

Panel B of Fig. 6 shows that ignoring the fall in desired work hours ac-

ounts for essentially all of the difference in declines between the base-

ine estimate of potential work hours and the labor force participation

ate. Our counterfactual potential hours series essentially lies on top of

he labor force participation rate before and during the pandemic. To-

ether with our baseline estimates of potential hours, the results imply

hat labor supply fell by about twice as much as the labor force partic-

pation rate during the pandemic (and remains depressed), and all of

he discrepancy between the two measures reflects a reduction in de-

ired work hours throughout the labor market. Put another way, about

alf of the reduction in aggregate labor supply was due to a fall in la-

or force participation, with the other half due to a reduction in desired

ours (regardless of participation). 

Fig. 7 and Table 2 highlight the sources of the differences between

ur baseline and counterfactual AHG estimates by labor force status.

ig. 7 plots the contributions of the employed, unemployed, and those

ut of the labor force to the baseline and counterfactual AHG measures.

he figure shows that most of the difference between the two estimates
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Fig. 5. Distribution of Desired Hours and Hours Gaps by Labor Force Status. Notes : : The top two panels report the distribution of the desired hours gap (desired 

minus actual work hours) across full-time and part-time workers, respectively. The bottom four panels report the distribution of desired work hours by labor force 

status. Estimates are from authors’ calculations using respondents age 18 to 79 pooled over the 2013-19 surveys (dark blue bars) or 2020-21 surveys (orange bars) 

of the SCE Job Search Supplement. (For interpretation of the references to colour in this figure legend, the reader is referred to the web version of this article.) 
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Fig. 6. Baseline vs. Counterfactual Movements in the AHG and Potential Work Hours. Notes : Estimates are from authors’ calculations using CPS and SCE data for all 

individuals age 18 to 79. Baseline estimates of the AHG and potential work hours replicate the estimates from Figures 1 and 2, respectively. Counterfactual estimates 

recalculate each series holding desired hours constant within each labor force status × demographic estimation cell from March 2020 forward. The unemployment 

and labor force participation rates use CPS data. See text for details. 

Fig. 7. Baseline vs. Counterfactual Movements 

in the AHG, Additional Detail Notes : Estimates 

are from authors’ calculations using CPS and 

SCE data for all individuals age 18 to 79. Base- 

line and counterfactual estimates of the AHG 

and potential work hours replicate those from 

Fig. 6 , with the AHG broken out by labor 

force state. Counterfactual estimates recalcu- 

late each series holding desired hours constant 

at their 2013-19 mean estimates within each la- 

bor force status × demographic estimation cell 

from March 2020 forward . 
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and most of the decline in desired work hours) occurs among those who

re out of the labor force. There is also a smaller but notable contribution

y the employed. The unemployed contribute essentially nothing to the

ifference between our baseline and counterfactual estimates, reflecting

he consistency of their desired work hours we observe in Table 1 . 

Table 2 breaks out the differences in what the baseline and coun-

erfactual AHG estimates imply about underutilization during the pan-

emic. It reports the (baseline) AHG and the contribution of detailed

abor force states in February 2020, just before the start of the pan-

emic, and the change of each between then and December 2021 under

he baseline and counterfactual estimates. Overall, the baseline AHG

s nearly 0.5 percentage points below its February 2020 level, while

he counterfactual AHG is 2.0 percentage points above the February

020 level. These combine to produce the 2.5 percentage point differ-
11 
nce highlighted earlier. Table 2 shows that the bulk of this difference is

ccounted for by part-time workers and those out of the labor force but

o not want work. Part-time workers contribute 0.5 percentage points to

he overall difference; the retired contribute 0.4 percentage points, and

hose out of the labor force for other reasons contribute 1.7 percentage

oints. Full-time workers actually have a slightly lower hours gap in the

ounterfactual case and therefore reduce the gap between the baseline

nd counterfactual AHG by 0.2 percentage points. All of these contribu-

ions are consistent with the main drivers of the decline in desired work

ours reported in Table 1 . 

Finally, Table 2 also reports the differences between the baseline

nd counterfactual AHG and potential work hours estimates by gender,

ge, and education. The table shows that, under the baseline estimates,

ost demographic groups are near or at their February 2020 levels of
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Table 2 

Baseline vs. counterfactual changes in the AHG by labor force status . 

Change, 

Dec. 2021–Feb. 2020 

Value, Counter- 

February 2020 Baseline factual Difference 

A. AHG and Potential Work Hours, All Individuals 

Aggregate hours gap 20.40 –0.45 2.00 2.45 

Potential work hours 31.81 –1.47 –0.52 0.95 

B. AHG Components by Labor Force Status 

Employed 

Full-time 1.59 0.73 0.53 –0.20 

Part-time 1.78 –0.58 –0.08 0.50 

Unemployed 

Short-term ( < 6 mos.) 2.27 0.17 0.13 –0.04 

Long-term ( ≥ 6 mos.) 0.53 0.43 0.37 –0.06 

Out of Labor Force 

Want work 1.62 0.28 0.39 0.11 

Retired 5.18 0.04 0.46 0.42 

Other reason 7.43 –1.51 0.21 1.72 

C. AHG by Gender, Age and Education 

Men 17.33 –0.57 1.75 2.32 

Women 23.89 –0.17 2.28 2.45 

Prime age (25–54) 13.46 0.31 1.95 1.64 

Older (55 + ) 30.95 –0.12 2.59 2.71 

Some college or less 24.36 0.03 2.59 2.62 

College degree or more 13.84 –0.91 1.24 2.15 

Notes : Estimates are from authors’ calculations using CPS and SCE data for all 

individuals age 18 to 79. Baseline and counterfactual estimates of the AHG 

and potential work hours replicate those from Fig. 6 , with the AHG broken out 

by detailed labor force state. Counterfactual estimates recalculate each series 

holding desired hours constant at their 2013-19 means within each labor force 

status × demographic estimation cell from March 2020 forward. 
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Table 3 

Desired work hours by social proximity required of occupation or industry . 

Difference, 

October of... 2013-17 2018-19 2020-21 ’20-21 - ’18-19 

A. Prior Month’s Occupation 

Low social proximity 36.04 35.05 36.32 1.27 

(0.37) (0.62) (0.62) (1.01) 

Medium social proximity 31.90 33.56 29.51 -4.04 

(0.41) (0.69) (0.76) (1.08) 

High social proximity 32.38 32.19 31.36 -0.83 

(0.49) (0.80) (0.89) (1.03) 

B. Prior Month’s Industry 

Low social proximity 31.95 31.16 31.43 0.27 

(0.38) (0.61) (0.60) (0.91) 

Medium social proximity 33.85 34.52 32.20 -2.32 

(0.45) (0.73) (0.85) (1.13) 

High social proximity 33.34 33.37 32.50 -0.86 

(0.41) (0.71) (0.75) (0.96) 

Notes : Table reports mean desired work hours for each occupation or industry 

group. Estimates are for respondents in each category pooled across SCE sur- 

veys within each listed time period, and desired hours are adjusted to impose 

a zero-minimum desired hours gap among the employed. The last column 

reports the difference between the 2018-19 mean and the 2020-21 mean for 

each category. Occupational and industry rankings of social proximity are de- 

fined using their degree of interpersonal contact required and workers’ ability 

to work from home for the respondent’s current or most recent job. Standard 

errors are in parentheses. 

Table 4 

Log real reservation wages by labor force status and demographics . 

Difference, 

October of... 2013-17 2018-19 2020-21 ’20-21 - ’18-19 

A. All 

All individuals 3.034 3.090 3.152 0.062 

(0.010) (0.017) (0.019) (0.025) 

Difference, controlling for demographics, labor force status, 0.047 

recent wage, and search effort: (0.020) 

B. By Labor Force Status 

Employed 3.156 3.207 3.280 0.072 

(0.012) (0.019) (0.021) (0.028) 

Unemployed 2.634 2.826 2.759 -0.067 

(0.032) (0.104) (0.078) (0.109) 

Out of the labor force 2.773 2.778 2.854 0.076 

(0.019) (0.028) (0.037) (0.050) 

C. By Gender, Age and Education 

Men 3.226 3.231 3.307 0.076 

(0.015) (0.025) (0.027) (0.035) 

Women 2.868 2.947 3.006 0.059 

(0.013) (0.021) (0.025) (0.034) 

Prime age (25–54) 3.115 3.172 3.247 0.075 

(0.013) (0.022) (0.023) (0.031) 

Older (55 + ) 2.918 2.978 2.998 0.020 

(0.015) (0.025) (0.031) (0.042) 

Some college or less 2.842 2.871 2.927 0.056 

(0.013) (0.021) (0.026) (0.029) 

College degree or more 3.424 3.471 3.489 0.018 

(0.014) (0.022) (0.023) (0.036) 

Notes : Table reports the log hourly real reservation wage in 2019 dollars for 

all individuals and by labor force state and demographic group. Standard 

errors are in parentheses. 

d  
nderutilization, with men and the college-educated considerably below

heir February 2020 levels, by December 2021. Older individuals and

hose with less than a college degree have the most notable differences

etween their baseline and counterfactual AHG estimates. 

.2. Evidence on the role of covid 

Next, we examine evidence on the extent that Covid is directly re-

ated to the observed decline in desired work hours. We start by estimat-

ng the change in desired work hours by the type of job individuals cur-

ently or most recently worked at. We group job types by the degree of

ocial contact required of the job, since higher degrees of social contact

mply a higher potential exposure to Covid. Specifically, we calculate an

ffective social proximity index for all two-digit occupations and major

ndustry sectors. Our index is the social proximity index for each of these

ccupations and industries developed by Leibovici et al. (2020) multi-

lied by one minus the share of individuals who can work from home

stimated by Dingel and Neiman (2020) . The index derived by Leibovici

t al. assigns occupations an index value based on the tasks required of

he job in their O 

∗ NET job description. For industries, the index is based

n the occupational mix of that industry. We group occupations and in-

ustries into (roughly employment-weighted) thirds based on their ef-

ective proximity index value. 22 

Table 3 presents our results. We find that individuals who currently

r recently worked in occupations and industries with at least a rela-

ively moderate degree of social contact desired to work fewer hours
22 The occupations with the highest effective social proximity include healthcare profes- 

ionals, food preparation workers, and those in production, construction, transportation, 

nd personal care services. The occupations with the lowest effective social proximity in- 

lude managers, technical professionals, legal professionals and those in education. The 

ndustries with the highest effective social proximity are health services, leisure and hospi- 

ality, retail, construction, resources, and transportation and warehousing. The industries 

ith the lowest effective social proximity are professional and business services, financial 

ctivities, government, information, wholesale, and education. 
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uring the Covid pandemic. Those in the middle and high social prox-

mity groups exhibited a decline in desired work hours between 0.8 and

.0 hours (3 and 12 percent). In contrast, those in occupations and in-

ustries with the lowest degree of social contact actually desired to work

ore hours during the pandemic, reporting increases between 0.3 and

.3 hours (1 and 4 percent). Thus, the evidence based on potential Covid

xposure at one’s job is consistent with Covid playing a role in the ob-

erved decline in labor supply. 

Table 4 presents a sort of consistency check on the notion that

he decline in desired work hours reflects a reduction in labor supply.
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Table 5 

Effects of the Covid pandemic on search behavior . 

Pct. Only Searched 

Part-Time Due to Covid, Pct. That Did Not 

Conditional on Search Search Due to Covid 

October of... 2020 2021 2020 2021 

A. All 

All individuals 9.0 2.0 4.1 1.0 

(2.4) (1.0) (0.6) (0.3) 

Percent of all individuals only/not searching because of... 

Child care/family reasons 9.0 2.0 0.7 0.2 

No work in area — — 1.4 0.1 

Fear of contracting Covid — — 2.0 0.6 

B. By Labor Force Status 

Employed last month 9.7 0.4 1.6 0.9 

(2.9) (0.5) (0.5) (0.3) 

Nonemployed last month 7.9 4.7 8.9 1.2 

(4.3) (2.9) (1.7) (0.6) 

B. Gender, Age and Education 

Men 2.2 0.0 3.6 0.5 

(2.0) (0.0) (0.9) (0.3) 

Women 12.5 3.3 4.5 1.5 

(3.5) (1.7) (0.9) (0.5) 

Prime age (25–54) 11.4 2.1 2.9 0.8 

(3.0) (1.2) (0.7) (0.4) 

Older (55 + ) 3.4 2.1 4.5 1.2 

(0.3) (2.0) (1.1) (0.5) 

Some college or less 14.3 2.1 5.0 0.9 

(5.0) (1.6) (1.1) (0.4) 

College degree or more 2.2 1.8 2.6 1.1 

(1.5) (1.2) (0.7) (0.4) 

Notes : The table reports the percentage of individuals who actively looked for 

work that only searched part-time because of the Covid pandemic, and the 

percentage of all individuals who did not search for any work because of the 

Covid pandemic, for each listed group. Estimates come from authors’ tabula- 

tions from the 2020 and 2021 waves of the SCE Job Search Supplement, for 

all individuals aged 18–79. Standard errors are in parentheses. 
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Table 6 

Search behavior by labor force status . 

October of... 2013-17 2018-19 2020 2021 

A. Applications Sent in Last 4 Weeks 

All individuals 1.13 0.85 0.76 1.25 

(0.07) (0.09) (0.11) (0.21) 

Employed 1.03 0.75 0.69 1.11 

(0.07) (0.10) (0.13) (0.26) 

Unemployed 9.23 7.91 5.96 10.20 

(1.05) (1.45) (1.00) (2.52) 

Out of the labor force 0.27 0.29 0.13 0.29 

(0.04) (0.08) (0.04) (0.08) 

B. Percent of Employed Looking in Last 4 Weeks 

All employed 21.1 16.7 15.1 16.9 

(0.6) (0.7) (1.4) (1.3) 

Notes : Table reports estimates of search effort by labor force sta- 

tus. Estimates are for respondents age 18 to 79 in each labor force 

state pooled across SCE surveys within each listed time period. 

Standard errors are in parentheses. 
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23 The BLS survey question does not elicit any specific Covid-related reasons for why an 

individual did not search. The exact wording of the question is, “Did the coronavirus 

pandemic prevent you from looking for work in the last 4 weeks? ” More detail is at 

https://www.bls.gov/cps/effects-of-the-coronavirus-covid-19-pandemic.htm . In contrast, 

questions from the SCE Job Search Supplement does elicit the Covid related reasons, which 

are reported in Table 5 . We report the specific survey questions used in Online Appendix. 
24 Forsythe et al. (2020) and Marinescu et al. (2021) present richer evidence on search 
t reports the (log) level and change over time of real hourly reser-

ation wages reported by individuals in the SCE Job Search Supple-

ent. In general, a rise in the average reservation wage across individ-

als should accompany any contraction in labor supply. Issues related

o the pandemic should also cause an increase in reservation wages.

hese include the higher health risk of potentially contracting Covid

nd higher opportunity costs of work because of increased family re-

ponsibilities at home. Table 4 shows that this is indeed supported by

he data. Reservation wages across all individuals rose a statistically

ignificant 6 log points (6.2 percent) during the pandemic. The em-

loyed and those out of the labor force each had an increase over 7

og points, and all reported demographic groups show an increase in

heir reservation wages as well. The largest increases were for men,

rime-age workers, and less-educated workers. Only the unemployed

eport a statistically insignificant decline in the reservation wage. Con-

equently, when we control for respondents’ demographics, labor force

tatus, current or most recent wage, and incidence of job search, the

ise in reservation wages remains a statistically significant 4.7 log points

4.8 percent). 

In general, a reduction in job search effort may accompany a contrac-

ion in labor supply. Both the CPS and the SCE Job Search Supplement

llow us to go a step further and examine the direct role of Covid in

educing search effort. Starting in May 2020, the CPS began asking re-

pondents who were out of the labor force if they did not look for work

ecause of Covid. In its 2020 and 2021 surveys, the SCE supplement

ollows up with preexisting questions on why individuals (regardless of

abor force status) did not search or only searched for part-time work to

ee if their search behavior was due to the Covid pandemic. 

Fig. 8 shows the time series behavior of the share of those out of

he labor force in the CPS that report not looking for work “because of

b

13 
ovid. ”23 It reports the share for all of those out of the labor force and

or the subset that report “wanting work. ” The figure shows that over

 percent of those out of the labor force, and 56 percent of those who

want work ” reported Covid as the reason they were not looking for

ork in May of 2020. The shares fall to about 4 percent and 25 per-

ent, respectively, by October 2020, and are much lower, at 1 percent

 percent, respectively, by the end of 2021. Table 5 shows that the es-

imates line up well to the responses from the SCE supplement, which

how that 9 percent of the nonemployed did not search due to Covid

n October 2020, with the share falling to just over 1 percent in Octo-

er 2021. The SCE supplement provides additional statistics that show

 broader, but generally consistent view of the effect of Covid on search

ehavior. Across all individuals, 4 percent report not looking for work

ecause of Covid in October 2020 and this share falls to 1 percent in

ctober 2021. Fear of contracting the virus and a perceived lack of job

pportunities are the main reasons respondents cite in 2020, while fear

f catching the virus remains as the most notable reason for not looking

n 2021. Covid is much less likely to reduce on-the-job search among

he employed. Across demographic categories, Covid is more likely to

ffect the incidence of job search for women, older workers, and those

ith less than a college degree. Covid had quantitatively similar effects

n the incidence of searching only for part-time work (conditional on

ctively looking for work). Across all respondents, 9 percent of job seek-

rs report looking for only part-time work because of Covid in October

020. This falls to 2 percent in October 2021. The share is highest in

020 for women, prime-age workers, and those with less than a college

egree. Notably, it is similar for both the employed and nonemployed,

nd remains relatively elevated for the nonemployed and for women

nto 2021. 

Finally, Table 6 reports measures of job search effort over time from

he SCE Job Search Supplement. We report the 2020 and 2021 estimates

eparately from average estimates for 2013-17 and 2018-19. In general,

ur measures of search effort show a decline in search in 2020 followed

y a rebound in 2021. Keep in mind that the October 2020 survey occurs

ix months after the worst of the Covid pandemic’s effects on the labor

arket, so the decline in search effort may have been much larger early

n. 24 The number of applications sent in the prior four weeks falls then
ehavior during the early months of the pandemic. 

https://www.bls.gov/cps/effects-of-the-coronavirus-covid-19-pandemic.htm
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Fig. 8. Fraction of Those Out of the Labor Force Not Looking Because of Covid Notes : Estimates are from authors’ calculations for all individuals age 18 to 79 in the 

CPS, based on a special survey question implemented starting in May 2020. . 
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ebounds across all labor force states (employed, unemployed, and out

f the labor force). The incidence of on-the-job search falls and then

ecovers as well. 

Overall, the evidence on job search behavior paints a mixed picture

f the effects of Covid on job search effort. The results show that Covid

learly had a large impact on search effort, and ultimately, the will-

ngness to work, in the first months of the pandemic. In 2021, however,

he share of individuals citing Covid as a reason for not looking for work

eclined precipitously. Despite this, we observe no recovery in desired

ork hours or the labor force participation rate. Several reasons may ac-

ount for the divergence of labor supply and job search toward the end

f 2021. The tightening of the labor market likely improved the returns

o job search while lingering concerns about health and issues related

o child and dependent care may have kept labor supply depressed. For

xample, we find that 36 percent of household children still had their

chooling affected by Covid in 2021, which may affect the work deci-

ions of their parents. The Covid pandemic may have also permanently

hanged the attitudes toward work. Some individuals may have become

ccustomed to a greater degree of work flexibility, including working

rom home, while others may now prefer a greater work-life balance. 25 

thers still may now prefer a change in career towards something that

rovides different wages, hours, and benefits than what they previously

ad. From this perspective, it will be of great interest to follow the evo-

ution of desired work hours in the SCE in the coming years. 

. Conclusions 

In this paper, we analyze labor market underutilization and labor

upply behavior of workers during the Covid pandemic, building on the

ggregate Hours Gap developed by Faberman et al. (2020) . We find di-

erging patterns between the AHG and the unemployment rate, though

he nature of the divergence is not the same during the Covid pandemic

s it was following the Great Recession. The Covid pandemic is charac-

erized by a relatively tight labor market, with the AHG already below

ts February 2020 level by the end of 2021. We find that this is driven
25 Barrero, Bloom, and Davis (2021) argue that an increase in the share of individuals 

orking from home is likely a permanent structural change in the labor market. 

t  

i  

S

14 
y individuals out of the labor force and part-time workers whose de-

ired work hours dropped substantially during the Covid pandemic. The

ecline in desired work hours is more than double the decline in the

abor force participation rate and is just as persistent throughout the

andemic. We perform a counterfactual exercise that holds desired work

ours constant at their pre-pandemic average within detailed labor force

nd demographic groups and recalculates the AHG and associated po-

ential work hours from March 2020 forward. We find that the decline in

esired work hours reduced the AHG by 2.5 percentage points (12.5 per-

ent) relative to its estimated value at the end of 2021, and it accounts

or essentially all of the discrepancy between potential work hours and

he labor force participation rate. Our evidence does not support the

otion that the contraction in labor supply is driven mostly by women

esponding to child care demands. Instead, the drop in desired hours

s pervasive across most demographic groups, with somewhat larger

eclines among those with less than a college degree. The decline is

lso concentrated among what we refer to as the intensive margin of la-

or force participation . This margin represents individuals who prefer to

ork infrequently, and when they do, they generally prefer part-time

ork hours. 

Finally, we find a range of suggestive evidence that shows that the

ovid pandemic likely plays a considerable role in the observed reduc-

ion in desired work hours —including lower desired hours among those

n jobs with a higher potential exposure to Covid —but that its effects

n job search behavior mostly dissipate by the end of 2021. We also

nd that most individuals have persistently higher reservation wages

hroughout the pandemic, consistent with a reassessment of their labor

upply decisions. Our findings suggest that an overall lower willingness

o work has led to a contraction in labor supply that persists throughout

he Covid pandemic. This decline contributed to the rapid tightening of

he labor market following the onset of the pandemic. 

Our results also demonstrate the value of collecting survey data on

esired work hours that are consistently fielded over time. Adopting

uch a question in household surveys such as the Current Population

urvey would allow researchers and policymakers to assess the role of

he intensive margin of aggregate labor supply in future downturns us-

ng larger samples and with greater detail than currently possible in the

CE. 
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ppendix A. Estimating and predicted desired hours estimates 

nd matching them to the CPS data 

1. Estimating predicted desired hours 

We deal with potential measurement issues given the small sample

ells for our pooled 2020-21 SCE data by using means of a predicted

esired hours estimate for each demographic and labor force state cell

hat we match to the CPS data. We use the predicted estimates in lieu of

he means of the raw desired hours estimate. This approach reduces the

ffects of outliers and sampling error, which could be amplified when

e match the estimates to the CPS data. 

We generate our predicted estimates using an OLS regression of each

CE respondent’s reported desired hours on their demographic charac-

eristics, labor force status, and interactions between the two. Specifi-

ally, we pool 𝑖 individuals together across the 𝑡 years of the SCE sur-

ey and regress their reported desired hours, 𝐿 𝑖𝑗𝑡 , on a set of dummy

ariables for their detailed, 9-state labor force state 𝑗, their gender,

hree age categories (18–24, 25–54, 55+), three education categories

high school or less, some college, college or more), four race categories

White, Black, Hispanic, all other), marital status (married or not), an

nteraction between gender and marital status, an indicator for year ≥

020, and interactions with this year indicator with the other dummy

ariables. We also include interactions of their 3-state labor force status

employed, unemployed, not in the labor force) with the gender, age,

ducation, race, and marital status variables, but do not interact these

ith the year indicator to avoid overfitting, given our relatively small

ample size. Finally, we topcode 𝐿 𝑖𝑗𝑡 at 80 hours per week to avoid ad-

erse effects of any outliers (and do the same to actual hours when we

atch our estimates to the CPS data). 

Formally, the (sample-weighted) regression is 

 𝑖𝑗𝑡 = 𝛼𝜏 + 𝑋 𝑖 𝛽
0 
𝜏
+ 𝛾0 

𝑗𝜏
+ 𝑋 𝑖 𝛽

1 + 𝛾1 
𝑗 
+ 𝑋̃ 𝑖 𝛿𝑗 ′ + 𝜖𝑖𝑗𝑡 . 

here 𝜏 represents an indicator equal to one for the 2020-21 time pe-

iod, 𝑗 ′ represents the 3-state labor force states, 𝑋̃ 𝑖 represents the demo-

raphic variables without the female × marital status interaction, and

𝑖𝑗𝑡 is the error term. Our predicted desired hours estimate for each in-

ividual is simply their predicted regression value, 𝐿̂ 𝑖𝑗𝑡 = 𝐿 𝑖𝑗𝑡 − 𝜖𝑖𝑗𝑡 . 

We then calculate the mean desired hours for each of our 39 labor

orce status × demographics categories separately for the 2013-19 and

he 2020-21 periods by calculating the (sample-weighted) mean of the

redicted values 𝐿̂ 𝑖𝑗𝑡 for all SCE respondents within each cell. That is,

he mean desired hours for demographic group 𝑑 and labor force state 𝑗

n period 𝑡 is 𝐿̃ 𝑑 𝑗 𝑡 = 

∑
𝜔 𝑖𝑗𝑡 𝐿̂ 𝑖𝑗𝑡 , where 𝜔 𝑖𝑗𝑡 is the SCE respondent’s sample

eight. 

Table A.1 reports the mean predicted desired hours for the 39 de-

ographics × labor force status categories that we use in the estimation

f our measure of labor market underutilization for the 2013-19 and

020-21 pooled survey periods. We have the potential for up to 108

roup estimates of desired work hours. Unfortunately, sparse sample

ells limit our ability to generate reliable estimates for all 108 groups.

onsequently, we aggregate individuals into 39 broader groups. These

roups are an unbalanced panel of demographic subgroups across the

ine labor force states. These categories represent the finest level of dis-

ggregation we feel we can use given the sample size constraints. The

able reports our estimate of 𝐿̃ 𝑑 𝑗 𝑡 for each cell and period, along with the

umber of observations in each cell and the estimate’s standard error. 

2. Matching predicted desired hours to the CPS data 

We make several adjustments to the CPS respondents’ actual hours

nd assigned predicted desired hours estimates if they report themselves

s employed and on leave (regardless of whether the leave was paid or

npaid). We do this to ensure that the hours gap of the employed only

aries due to things that plausible affect either labor supply or labor de-

and. Specifically, if an individual in the CPS reports that they were on

 

15 
able A.1 

esired hours by demographics & labor force groups used in estimation . 

Labor Force 2013-19 SCE 2020-21 SCE 

Status Description N Mean N Mean 

Male, 18–24, all education 31 38.77 3 29.94 

(0.13) (0.95) 

Male, 25–54, < college 530 37.83 124 39.36 

(0.03) (0.15) 

Male, 25.54, ≥ college 1036 37.91 322 37.65 

(0.02) (0.06) 

Male, 55+, < college 241 36.70 43 38.43 

(0.04) (0.22) 

Male, 55+, ≥ college 299 36.73 58 36.68 

Employed FT, (0.03) (0.14) 

single job Female, 18–24, all education 47 35.37 14 28.76 

(0.15) (0.49) 

Female, 25–54, < college 484 34.91 90 37.04 

(0.04) (0.16) 

Female, 25–54, ≥ college 787 34.99 245 35.40 

(0.03) (0.08) 

Female, 55+, < college 181 33.35 42 36.12 

(0.07) (0.15) 

Female, 55+, ≥ college 162 33.56 58 34.54 

(0.07) (0.17) 

Male, 18–54, < college 99 39.39 22 37.89 

(0.06) (0.21) 

Male, 18–54, ≥ college 167 39.47 46 36.96 

(0.04) (0.28) 

Male, 55 + , all education 91 38.16 19 37.25 

Employed FT, (0.05) (0.25) 

multiple jobs Female, 18–54, < college 138 36.28 28 36.65 

(0.09) (0.33) 

Female, 18–54, ≥ college 202 36.41 57 34.38 

(0.07) (0.21) 

Female, 55 + , all education 73 35.01 13 34.94 

(0.11) (0.42) 

Male, 18–54, all education 100 26.63 26 23.09 

(0.07) (0.48) 

Male, 55+, < college 103 25.25 16 22.72 

(0.05) (0.34) 

Male, 55+, ≥ college 137 25.19 34 21.23 

(0.03) (0.24) 

Employed PT, Female, 18–54, < college 119 23.53 32 20.48 

single job (0.09) (0.69) 

Female, 18–54, ≥ college 123 23.71 33 20.41 

(0.08) (0.24) 

Female, 55+, < college 93 21.95 36 20.70 

(0.09) (0.23) 

Female, 55+, ≥ college 92 21.84 20 18.98 

(0.09) (0.28) 

Male, all ages, all education 117 30.25 15 27.30 

Employed PT, (0.12) (0.52) 

multiple jobs Female, all ages, all education 164 27.03 34 24.76 

(0.09) (0.57) 

Male, all ages, all education 54 38.90 18 37.92 

Unemployed, (0.31) (0.51) 

≤ 6 months Female, all ages, all education 91 34.06 30 34.05 

(0.27) (0.71) 

Male, all ages, all education 38 37.68 10 38.30 

Unemployed, (0.42) (0.29) 

> 6 months Female, all ages, all education 39 33.89 13 36.09 

(0.51) (1.01) 

Male, all ages, all education 26 30.37 13 29.03 

Out of LF, (0.59) (1.10) 

want work Female, all ages, all education 32 29.63 13 26.54 

(0.60) (0.71) 

Male, all ages, < college 422 11.59 92 10.52 

(0.08) (0.13) 

Male, all ages, ≥ college 489 10.95 128 8.28 

Out of LF, (0.07) (0.09) 

retired Female, all ages, < college 333 10.08 88 10.07 

(0.10) (0.17) 

Female, all ages, ≥ college 240 9.78 69 8.10 

(0.12) (0.18) 

Male, 18–54, all education 102 17.80 27 13.02 

(0.18) (0.26) 

Male, 55 + , all education 106 13.33 18 9.22 

( continued on next page )
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Table A.1 ( continued ) 

Labor Force 2013-19 SCE 2020-21 SCE 

Status Description N Mean N Mean 

Out of LF, (0.20) (0.40) 

retired Female, 18–54, all education 282 16.57 54 13.15 

(0.13) (0.31) 

Female, 55 + , all education 132 11.93 42 9.36 

(0.18) (0.30) 

Notes : Sample is all individuals in the SCE Job Search supplement aged 18–79 

pooled across its 2013-19 and 2020-21 surveys. Estimates represent the sample- 

weighted mean predicted desired hours, where the predicted estimates are from 

the regression of actual desired hours on fixed effects for 9-state labor force sta- 

tus, demographics (gender, age, education, race, and marital status), time period 

(year ≥ 2020), interactions between labor force status, time period, and demo- 

graphics. Standard errors for the cell mean predicted estimates are in parenthe- 

ses. 

Table A.2 

Adjustments made for CPS respondents employed, on leave . 

Reason for Leave 𝐿 𝑑 ( 𝑖 ) 𝑗 𝑡 ℎ 𝑖𝑗𝑡 𝐿 𝑑 ( 𝑖 ) 𝑗 𝑡 − ℎ 𝑖𝑗𝑡 

Vacation, maternity/paternity 

leave, schooling/training, 

No adjustment Usual hours As calculated 

civic/military duty, labor dispute, 

weather 

worked 

Child care issues, family 

obligation, 

Actual hours No adjustment Zero 

own temporary illness worked (zero) (zero) 

All other reasons (including 

ǣother ǥ) 

No adjustment No adjustment As calculated 

Notes : Table reports the adjustments made to CPS respondents’ hours and hours 

gaps for those who reported themselves as employed but on leave, based on 

their reason for leave. 

l  

i  

d  

m  

v  

t  

n  

i  

o  

w  

z  

t  

a  

o  

o  

“  

p  

d

S

 

t

R

A  

 

A  

B  

B  

B  

B  

B  

C  

 

C  

Ş  

 

D  

D  

F  

F  

F  

F  

G  

G  

H  

L  

 

M  

N  
eave due to vacation, maternity or paternity leave, schooling or train-

ng, civic or military duty, a labor dispute, or weather, we keep their

esired hours equal to 𝐿 𝑑 ( 𝑖 ) 𝑗 𝑡 , but use their usual hours worked as their

easure of ℎ 𝑖𝑗𝑡 . We do this because these reasons for leave generally in-

olve idiosyncratic events that are in the control of both the worker and

he firm (e.g., through the bargained labor contract or lack thereof) or

either the worker and the firm, and generally do not reflect a reduction

n labor supply alone. If an individual reports they are on leave because

f child care issues, family obligations, or their own temporary illness,

e set their desired hours to their reported actual hours, which equals

ero in the absence of work at an additional job. This implicitly sets

he hours gap to zero as well. We do this because these instances reflect

 reduction in labor supply, though potentially involuntary, for reasons

utside of what the worker and firm could contract over. We leave those

n leave for all other reasons (which include slack work conditions, and
16 
other ” reasons) unadjusted, leaving the respondent with a potentially

ositive hours gap. Appendix Table A.2 summarizes how we adjust the

ata. 
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Supplementary material associated with this article can be found, in
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